Bayesian Time-Series Alignments

An Application to Wind Farms
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Wind propagation in wind farms
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Modelling wind propagation in wind farms
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Bayesian model
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Bayesian model
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Bayesian model
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Uncertain time alignment
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Ongoing research

Incorporating further expert knowledge

e Implicit knowledge
e Composite systems

e Domains too complicated for first
principles models
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Decision making under uncertainty

e Uncertain knowledge

e Stochastic systems 1t | | \ \

e Robust reinforcement learning T A




